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Load balancing algorithm for Kafka consensus message transmission

SU Yuzhao, SUN Enchang, YANG Ruizhe, LI Meng, ZHANG Yanhua, SI Pengbo, ZHANG Hui
(Faculty of Information Technology, Beijing University of Technology, Beijing 100124 )
Abstract

Kafka is a kind of message middleware with high throughput. However, this algorithm has the problem that
load balancing can reduce the efficiency of consumer message processing. The coordinator in this algorithm optimi-
zes and adjusts the number of consumers based on the correspondence between consumers and partitions according
to different load balancing scenarios, and then updates the correspondence between consumers and partitions in a
reverse order of business load. This algorithm prioritizes the business partitions with heavy load and improves the ef-
ficiency of message transmission. And build the Fabric consortium chain to verify the performance of the algorithm.
Experimental results show that the proposed algorithm improves the consensus speed by 2% —7% when the central
processing unit (CPU) resource consumption is 5% lower than that of other algorithm, and the consensus link can
still be available even when three out of six Kafka nodes are out of service, which improves the efficiency and sta-
bility of the Kafka load balancing algorithm.

Key words: Kafka, load balancing, blockchain, consumer, optimization





