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Self-supervised graph transition network for session-based recommendation
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Abstract

Session-based recommendation predicts the next item given anonymous sequence of previous items consumed in

the session. Most existing studies focus on modeling the current session with various neural architectures. Those ap-

proaches overlook many collaborative signals from the other sessions. This paper proposes a novel method, namely

self-supervised graph transition network for session-based recommendation, S-SGTN for brevity. Methodologically,

first, an undirected global collaborative graph based on all sessions is generated ; then, the neighbor items’ embed-

ding of the target item in the current and collaborative session is input into the dual-channel graph neural networks.

During network training, a self-supervised learning model is employed to improve the representation of items and

sessions by maximizing the mutual information of global and local item representations as an auxiliary task to the

recommendation task. Finally, the next interaction will be predicted based on the anonymous session representa-

tion. Experimental results demonstrate that the proposed models show competitive or state-of-the-art performance in
terms of Recall@ k and MRR@ k on three real-world datasets.

Key words: anonymous user, session-based recommendation (SBR) , collaborative information, self-super-

vised learning, graph transition network
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