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Attribute mining from Chinese electronic medical records
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Abstract

The task of mining frequent attributes from the electronic medical record ( EMR) aims at extracting medical

Academy of Mathematics and Systems Science, Chinese Academy of Sciences, Beijing 100190)

examination items from a group of diagnosis records produced by the same clinic. The traditional frequent item set

or sequence mining techniques can not be directly applied to the case. This paper proposes a tag free technique to

overcome the problem and presents a novel extraction framework which can avoid manual tagging. Namely, it for-

mulates the attribute mining problem as a task of semi-structured frequent subsequence mining problem and propo-

ses an effective algorithm to mine candidate word patterns from written EMRs. Comprehensive experimental results

on Chinese EMRs show that the proposed method can tackle attribute mining problem effectively.

tern,

Key words: attribute mining, electronic medical record (EMR), frequent subsequence mining, word pat-

frequent word pattern
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