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I;(XH) = zﬂm,l—l I;m (2)

b W, b, MRS m A AT U AT
B M ARSI B R SRR IR G
WS, m,, AT 0~1 ZIH, i =, B
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B 0.001, 5 3 fUIZR)E 22T F 0 0. 1, LAk,
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100, HoAth 8 25508 1 50 UE SR A HE |, 0 TEAE 2 T
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BN 100, B KN E = 3, 1 M4 AttenNet
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Modeling dynamic hierarchical intents for session-based recommendation

ZHANG Mengfei* ™ , GUO Cheng” ™, PAN Mao" ™, JIN Jiaqi* "™, XIN Zengwei ™,
FANG Jinyun“, CHEN Shuxiao ™"
(" Institute of Computing Technology, Chinese Academy of Sciences, Beijing 100190)
( ™ University of Chinese Academy of Sciences, Beijing 100190)
( ™" Joint Operations College, National Defense University, Shijiazhuang 050084 )
Abstract
To solve the problem of single and static representation of user interests when modeling user preferences in cur-
rent session-based recommender system methods, a dynamic hierarchical intention learning network is proposed,
which considers both the multi-layer intentions and dynamic user behaviors. Two modules, dynamic convolution
neural network and interest cluster gate, are designed to extract users’ specific granularity intention in each layer.
In addition, a constraint loss function is proposed to ensure the hierarchy of user intention. The final session repre-
sentation incorporates multiple granularity intentions for recommendation. Extensive experiments on three real datasets
show that the model outperforms other session-based recommendation methods in both accuracy and diversity.
Key words: session-based recommender system, recommender system, hierarchical intention, dynamic user

interest, dynamic convolution
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