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Cross-domain person re-identification based on attention
and label adaptation

CHEN Siwen, WU Huaiyu, CHEN Yang
(Institute of Robotics and Intelligent Systems, Wuhan University of Science and Technology, Wuhan 438001 )
Abstract

In view of the fact that most of the existing person re-identification algorithms rely on supervised training, and
the manually annotated data in supervised training require expensive man power and material resources, which lim-
its expanding the application of person re-identification algorithms in new scenarios, a cross-domain person re-iden-
tification based on attention and label adaptation is proposed. Firstly, the attention mechanism and BNNeck module
are embedded in the feature layers of deep convolution neural network (DCNN) to enhance the feature representa-
tion ability of the model to person under different datasets. Secondly, the label adaptation method is proposed to ex-
pand the label information to the target dataset. Finally, the method of knowledge distillation (KD) is used to con-
tinuously fine-tune the model, so that the model gradually adapts to the new scenarios. The proposed method
achieves 33. 1% mean average precision ( mAP) accuracy on Market-1501 dataset and 36. 1% mAP accuracy on
DukeMTMC-relD dataset. Compared with the advanced PTGAN, IPGAN and other cross-domain personre-identifi-
cation algorithms, the performance of the proposed method is obviously improved.

Key words: cross-domain person re-identification, attention, label adaptation, knowledge distillation (KD) ,

deep convolutional neural network ( DCNN)
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