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Robust estimation of human pose under visual occlusion

Jia Xiaoling, Zhang Wenan, Yang Xusheng
(College of Information Engineering, Zhejiang Provincial United Key Laboratory of Embedded Systems,
Zhejiang University of Technology, Hangzhou 310023 )
Abstract

A human pose estimation method with robust Kalman filter (RKF) is presented aiming at the problem of visual
occlusion in human pose estimation. Firstly, the random forest method is used to identify each part of the human body
from the depth image and calculate the 3D position of each node of the human body in the camera coordinate system.
Secondly , considering the false recognition of human body parts caused by visual self-occlusion or occlusion, a robust
Kalman filter is designed to identify and classify the complex noises in the human pose information caused by visual
occlusion by using the method of hypothesis testing, so as to improve the robustness of human pose estimation against
visual occlusion. Finally, by the simulation results and 3D position estimation experiments of multiple human body
joints, it demonstrates that improved accuracy and robustness of the human pose estimation can be achieved by the
proposed method.

Key words: visual occlusion, human posture estimation, robust Kalman filter (RKF)
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