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Kernel correlation filtering tracking algorithm based on

multi-layer deep features

Li Guoyou” , Ji Zhian" , Zhang Fengxu""
( " School of Electrical Engineering, Yanshan University, Qinhuangdao 066004 )
Abstract

In view of the difficulty of dealing with the scale change, rotation and occlusion of the target in the kernel cor-
relation filter (KCF) , an anti-occlusion target tracking algorithm based on multi-layer deep features is proposed in
this paper under the framework of KCF. Firstly, in frequency domain, ridge regression classifier is used to train
conv3 and conv6 deep features on VGG-2048, and the confidence is obtained. The two features are weighted to-
gether to replace the original KCF’s HOG features. At the same time, residual information of the first frame is in-
troduced to obtain better position response output. Then, aiming at the occlusion problem, a response peak judg-
ment anti-occlusion mechanism is proposed. Finally, the depth feature scale pool is established by bilinear interpo-
lation to solve the target scale problem. The experimental resulis on test set (OTB-100) show that the improved al-
gorithm can solve the target tracking problem in complex environment, and the algorithm has robustness.

Key words: kemnel correlation filter (KCF) algorithm, deep feature, peak response, scale pool, robustness
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