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Design of recommendation system based on user’s face information

Xu Xiaofei, Chang Jian, Chen Wenbai, Fan Wenchao
( School of Automation, Beijing Information Science and Technology University, Beijing 100192)
Abstact

In view of the low data-using efficiency situation in the era of big data, item-based collaborative filtering algo-
rithm and user-based collaborative filtering algorithm are analyzed and compared, in which the face image could be
gathered real-time ; Python program language is used to conduct functional module program design in a data mining
recommendation system which is the advantages of these two algorithms. The experiment results indicate that after
using convolutional neural network (CNN) algorithm to training and testing by a dataset which contains 106 863 im-
ages of 530 different males and females, there is about 98. 1% recognition rate. Compared with the traditional sup-
port vector machine (SVM) classifier model with a recognition rate of about 76. 6% , and a fusion algorithm of LBP
and SVM classifier algorithm with a recognition rate of about 94. 8% , CNN algorithm model improves the face rec-
ognition rate by 21.5% and 3.3% . Therefore, the high accuracy of face detection and recognition model for two
algorithms variables including gender and age, which could be accomplished by using convolution neural network
algorithm to train data sets.

Key words: python, collaborative filtering algorithm, recommendation system, convolutional neural network

(CNN) algorithm, face recommendation
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