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Image segmentation based on edge prediction and edge growth

Ding Weili*, Gu Zhao™ , Wang Mingkui*, Wang Wenfeng ™
( " School of Electrical Engineering, Yanshan University, Qinhuangdao 066004 )
( ™ College of Vehicles and Energy, Yanshan University, Qinhuangdao 066004 )
Abstract

A new method of image segmentation is proposed for the realistic situation of image segmentation and segmen-

tation efficiency. First, the proposed method extracts the anchors to get initial edge image based on the image gradi-

ent, and then predicts edge segments by linking the continuous edge points which starts from the initial edge point

in two different directions. Second, the breakpoints are found based on 8 neighborhoods scanning and the small

gaps between breakpoints are connected based on the smallest Manhattan distance and distance threshold. Finally,

the edge segments are confirmed whether growth by judging the difference of the gray value between growth point

and its neighborhood breakpoint. If the difference meets the threshold requirements, the edge segment will grow in

its 11 x 11 neighborhood until other breakpoints or edges are met, otherwise the edge segment will grow in its 15 x

15 neighborhoods. Experimental results show that the proposed algorithm can quickly connect edge information to

obtain closed regions, the segmentation speed is fast, and the accuracy is good.

Key words: image segmentation, edge predicted, edge growth, breakpoint detection
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