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A fitness variance based vortex search method for algorithm optimization

Liu Weiyan ™ , Zou Liying” , Wang Hongyan ™
( " College of Telecommunication and Electronic Engineering, Qigihar University, Qigihar 161006 )
( ™ College of Mechatronic Engineering, Qigihar University, Qiqihar 161006 )
Abstract

The algorithm optimization is studied. In order to overcome the problem that the vortex search ( VS) method
for algorithm optimization may fall into local optimum in operation, a new vortex search method based on fitness va-
riance , called the FVS, is proposed. The FVS method calculates the variance of fitness value of all alternative solu-
tions at each iteration. If the calculation result is less than a set threshold, the position of the alternative solution of
the vortex search method is adjusted. The alternative solution generated by the method can jump out of the limit of
the local optimal. This optimization method is compared with the original vortex search method and other methods
on 8 test functions, and the results verify the effectiveness of the proposed method.
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