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A new discriminative tracking algorithm based on
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Abstract

In view of the problem that most discriminative algorithms for target tracking focus on the tracking speed while
neglect the scale variation, a simple, robust discriminative algorithm based on color statistical characteristics was
presented. The new color statistical characteristics not only possess the certain illumination invariance, but also
maintain the higher discriminative power. An affine kinematics model for tracking was established to keep optimi-
zing the parameters during tracking to solve the scale variation and the view angle change. To improve the tracking
speed, the low-dimensional color statistical characteristics were used to describe the target appearance, and the
color statistical characteristics were used to train naive Bayes classifiers and update classifiers online. The sample
with the maximum confidence was regarded as the tracking result. Numerous comprehensive experiments were con-
ducted for evaluation of the proposed algorithm and other algorithms, and the remarkable effectiveness under differ-
ent challenge factors of the proposed tracking algorithm was showed.

Key words: visual tracking, color statistical characteristics, affine transformation, dimensionality reduction,

discriminative classifier
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