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Multi-sensors fusion performance assessment of airborne based
Bayesian network fusion model

Chen Zhigang * ,Li Xian " ,Xu Shiyou ™ ,Lou Xiaoping "
(" School of Information Science and Engineering, Central South University , Changsha 410083 )
(™ ATR Key Laboratory , National University of Defense Technology , Changsha 410073 )
Abstract

Multi-sensors fusion performance assessment of airborne based Bayesian network fusion models was re-
searched. Firstly ,the net model was built with expert knowledge after the behaviors of airborne sensors were ana-
lyzed. Then , the method for calculating the global confusion matrix( GCM ) was given by the calculation with the local
confusion matrix ( LCM ) and k£ measurements, followed by the method for calculating the GCM of k + 1 with the i iter-
ative caculation of LCM and GCM. Some performance indicators were given, and the iterative calculations for the
sensors performance under such three scenes,target is unknown ,target is ally,target is enemy,were conducted. The
results were comparatively analyzed with true values,and the accuracy of the results were verified.

Key words ; performance assessment , airborne platform ,iterative calculate , Bayesian network
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