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Automatic semantic annotation for video blogs based on

web information mining

Zhang Xiaoyu
(Institute of Scientific and Technical Information of China, Beijing 100038)
Abstract

This paper presents a new automatic algorithm for semantic annotation of video blogs based on web information

mining with the aim to acquire high-quality annotation. The algorithm first extracts intrinsic annotations from the

original content of the target video blogs, and then uses external resources to obtain informative contents that are

relevant to the video blogs in both high level semantics and low level features and improve intrinsic annotations

based on web information mining. Finally, the context-based annotation expansion is achieved. The paper also de-

fines a new score-based evaluation criterion for multi-label annotation problems,which takes both the accuracy and

the completeness in annotation into account. The experimental results demonstrate the effectiveness of the proposed

annotation algorithm and evaluation criterion, both of which are significant for acquisition and management of a

large amount of video blogs.

Key words: information mining, semantic annotation, annotation expansion, evaluation criterion, video blog
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