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Self-occlusion detection algorithm combining depth image and
optimal segmentation threshold iteration

Zhang Shihwi, Zhang Yujie, Kong Lingfu
(College of Information Science and Engineering, Yanshan University, Qinhuangdao 066004)
Abstract

Aiming at the familiar self-occlusion phenomenon in vision tasks and considering the actuality that there are no spe-
cific self-occlusion detecting algorithms, for vision systems, the paper proposes a self-occlusion detection algorithm comb-
ing depth image and optimal segmentation threshold iteration. At first, the segmentation threshold iteration method is ap-
plied to depth image by analyzing the threshold segmentation technology. Then, the self-occlusion detection is realized by
obtaining a proper threshold and using the depth difference image information of the vision object. The experimental re-
sults show that the proposed algorithm can detect the self-occlusion phenomenon and obtain the occlusion boundary effec-
tively, so the deficiency in self-occlusion detection domain is compensated .
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