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A fast moving objects trajectory clustering algorithm

Tao Yunxin, Pi Dechang
(College of Information Science and Technology, Nanjing University of Aeronautics and Astronautics, Nanjing 210016)
Abstract
Considering that the existing trajectory clustering (TRACLUS) algorithm needs neighborhood query for each line seg-
ment after partition, the paper introduces a sampling technique into trajectory clustering and proposes a fast moving ob-
jects trajectory clustering (FTCS) algorithm. The FTCS algorithm merges the Eps-neighborhood of core line segments with
trajectory clusters that intersect with those Eps-neighborhoods according to the merging principle based on maximum con-
nected subgraph, so it avoids the TRACLUS algorithm’ s unnecessary neighborhood query of line segments that lie in Eps-
neighborhood of core line segments. The experimental results on real and synthetic trajectory data demonstrate that the
FTCS algorithm reduces the number of neighborhood query remarkably and improves the efficiency of trajectory clustering
while keeps the quality of trajectory clustering.
Key words: data mining, clustering, trajectory, neighborhood, density
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