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P & AVERAE 4L A B RE , e Ab R AT RRAE 25 (8] Bl
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KA e \ s
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CDM 79.20 72.88 87.12
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BASIC 87.28 78.96 96.28

PAIR 82.18 76.96 94.16
1A)#H (600 4E) 82.46 83.34 96.12
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CDM + BASIC 88.22 80.54 96.72
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CDM + BASIC + ROI 89.46 82.08 97.00
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BARFI B MG ERE F, RRAREH S5'S, &
500 MFEEXT B AR & , HESIH AL F o

B, A SO EE T =Fh €1 EGARIN J  « Sep
R TICHEA (6], BT B AR A 7 v AR
25 S, R B SCHR[8], I T IE G RURHIE (1) Y Y
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. R sy Sw Sw o AN
£44(1950) 9.32  13.68 9.80 3.22
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314 (805) 4,97 16.02  7.08 1.25
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Pornographic image detection based on visual words

and semantic projection

Wang Yushi* , Gao Wen™ ™"
(™ School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150001)
(™ School of Electronics Engineering and Computer Science, Peking University, Beijing 100871)
Abstract
This paper proposes a new method to detect pornographic images using multi-level visual words because the tradi-

tional methods suffer from high false positive rates. The method is described as below. First, various visual components of

pornographic scenes are coded as visual words. Then, higher-level codes are constructed based on those words, including

visual phrases and classes of regions of interest (ROI) . Thus images can be represented and analyzed in different appear-

ance levels. The image features are composed of the histograms of those codes, and they are projected into a low-dimen-

sional space to bridge the gap between the semantic similarities and geometric distances of image pairs. The proposed

method performs well on a wide range of test data. For example, for human images, the method can decrease the false

positives by 40% compared to the baseline methods. The experimental results demonstrate that the multi-level visual

words are more effective in analyzing complex pornographic scenes.

Key words: image recognition, pornographic image, visual word, visual phrase, multi-level representation, dimen-

sion reduction
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