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Traffic classification based on extended feature set
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Abstract

In consideration of the problem that the present studies on traffic classification are all based on the use of payload-
independent features, but the payload-independent features often do not contain sufficient information to allow for an ac-
curate methodology, the paper proposes a traffic classification method based on the extended feature set. The method ex-
tends the flow feature set with payload, and after extension, the feature number is significantly increased. For high di-
mension data, the paper then proposes a hybrid feature selection algorithm for traffic classification and builds the classifier
with the selected features. The experimental results demonstrate that the proposed method can not only guarantee a high
classification accuracy but also a better performance in terms of classification speed. Therefore, it is more suitable for the
real network applications than the traditional approaches.
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