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%3 Almed BRI LHER

ik P (%) R (%) F (%)
SVM 70.96 48.47 57.60
TSVM 58.19 65.89 60.71
TSVM + E a2 57.77 68.65 62.05
SVM-cdit (Erkan et al., 2007) 77.52 43.51 55.61
SVM-cos (Erkan et al. , 2007) 61.99 54.99 58.09
TSVM-edit (Erkan et al. ,2007) 59.59 60.68 59.96
TSVM-cos (Erkan et al., 2007)  58.37 61.19 59.62
Rules ( Yakushiji et al. , 2005) 33.70 33.10 33.40
SVM (Mitsumori et al. , 2006) 54.20 42.60 47.70
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Protein-protein interaction extraction based on combining TSVM

and active learning
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Abstract
This paper presents an algorithm for extraction of protein-protein interaction (PPI) based on the combination of the

transductive support vector machine (TSVM) approach with the active learning algorithm to solve the problems which are

the lack of labeled corpora and the easy usage of the vast amount of unlabeled biomedical free texts. The algorithm can
maximally increase the performance of the TSVM algorithm through actively selecting useful unlabeled samples and adding
them to the TSVM training set. The experiment results show that combing TSVM with the active learning is very promising
on a mixed training set with a small number of labeled samples and a large number of unlabeled samples. Compared with
the traditional support vector machine (SVM) algorithm and the TSVM algorithm, the paper proposed algorithm can im-

mensely reduce the number of the training data and efficiently improve the performance of the classifier for PPI extraction.

A very encouraging result of 64.12% F-score on the Almed corpus was achieved.

Key words: protein-protein interaction extraction, semi-supervised learning, transductive support vector machine
(TSVM), active learning
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